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My AI Wrote a Check That 
I Must Cash: Principles for 
Principals
James A. Sherer, Caleb Mabe, Emily Fedeles Czebiniak,  
Noam Kleinman, and Ayyah Saleh*

In this article, the authors explore both the principles that should govern AI 
agents and the principals who may ultimately answer for AI agents’ actions.

Introduction

After slow but steady growth in the 2000s and 2010s (and some-
times under the guise of expanding1 “Big Data” before rebranding2), 
the adoption of artificial intelligence (AI) in corporate business has 
continued to grow, with nearly all organizations reporting the use 
of AI and increasing use of—or at least experimentation with—AI 
agents.3 Using AI, through machine learning, deep learning, and 
generative AI, has become so commonplace that its use by indi-
viduals to replicate traditionally “human” work is now, in some 
circles, an insult; imagine hearing “that’s so AI”4 in a playground 
for an inauthentic human behavior,5 and the irony of a technology 
coming full-circle becomes apparent.

The backdrop for this adoption is emerging complaints of “AI 
slop,” or “dubious AI-generated material”6 that stands as “low-
quality” content “just good enough to attract and keep users’ 
attention.”7 But even while employees are struggling with their 
coworkers’ use of AI tools, and while 95  percent of 2025 work-
places found “no measurable return on their investment in these 
technologies,”8 the use of AI agents appears to mark the start of a 
new cycle of AI adoption. 

This arrival of agentic AI, or AI systems that can make decisions 
to accomplish goals9 performing “human-like tasks with little or 
no human supervision”10 even across a concept of AI that “covers a 
large number of software methods, application programming inter-
faces and software working alone or in coordination”11 therefore 
marks a notable step in AI’s advancement. But it also indicates the 
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next iteration of human adoption of AI services. Unlike genera-
tive AI, which can produce outputs based on prompts,12 agentic AI 
acts on outputs, often “planning and executing multiple steps in a 
workflow,”13 performing tasks of “agentic-ness” along a spectrum 
or “the degree to which a system can adaptably achieve complex 
goals in complex environments with limited direct supervision.”14 
To this point, agentic AI, use of AI agents to delegate, make deci-
sions, and complete tasks for users with little supervision or without 
any supervision at all, “has already reached 35% adoption, with 
another 44% of organizations planning to deploy it soon.”15 The 
risks inherent to agentic AI systems raise a fundamental legal ques-
tion: When an AI agent acts autonomously and causes harm, who 
bears responsibility? This article explores both the principles that 
should govern AI agents and the principals who may ultimately 
answer for AI agents’ actions.

AI Use

An AI agent is a system that performs its given tasks by design-
ing workflows based on its available tools in its environment, theo-
retically replacing a person who could (or who would otherwise 
be required to) perform a task.16 The common pattern involves 
providing a prompt or query to the AI agent that then references 
an attached database and implements prescribed prompts to com-
plete its assigned task. These standard AI models are excellent 
in executing basic functions such as summarizing documents or 
drafting emails, but they struggle when a task requires expertise. 
Retrieval-augmented generation (RAG) is the next link in the 
chain. RAG combines multiple AI models and databases to create 
a compound AI system, and a RAG interface will select the best 
model for the prompt.17 For example, different models would be 
selected for use depending on whether the user wants to generate 
an image or gather data from a specific source. Agentic AI goes 
further than simply generating or locating information. With mini-
mal supervision, agentic AI can act toward defined goals set by the 
user. Agentic AI utilizes multiple specialized agents coordinated 
across a system. Rather than merely generate a shopping list based 
on uploaded grocery store receipts, agentic AI would analyze the 
receipts then order the groceries.
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Agentic AI is promoted as transformative, even within the 
context of an overall AI adoption and capability increase some 
consider exponential.18 There are even predictions of an agentic 
workforce where the AI agents pursuing an organization’s goals will 
outnumber the humans involved.19 If AI could act on solutions, it 
would no longer be limited to analyzing various metrics; it could 
then suggest improvements and implement the appropriate changes. 
Agentic AI could be given the long-term vision for the organiza-
tion and execute toward those goals without human intervention; 
however, for critical decisions, there can still be guardrails placed 
to require the AI to seek human approval when needed. IT depart-
ments could grow in the scope of their responsibilities as they act 
as a pseudo-human resource for these AI agents, onboarding them 
into the system, training them for specialized roles, and managing 
the coordination of the models. Eventually, the AI system could 
create new models for more repetitive tasks to specialize further 
and improve its own efficiency. This “magic solution” may be 
overhyped. Agentic AI will certainly bring changes, even powerful 
changes. But the real-world impact and legal implications remain 
murky.20 Agentic AI’s autonomy brings with it a variability in out-
come, and require back-end audit considerations to even determine 
what has happened.21 Understanding these technical capabilities 
and limitations—or more plainly, what has happened and what is 
happening—is essential to evaluating whether existing agency law 
can adequately address the legal questions agentic AI presents. 

A Return to Agency Law Basics

When a person acts on behalf of another person, specifically 
in an employment context (where employment itself a hotbed of 
AI-related regulation and enforcement considerations22), that 
relationship is governed by agency law. Agency law protects third 
parties and authorizing parties alike from liability created by the 
agent’s own actions. In the context of an agentic AI system, agency 
law presents complications that may disrupt a firm’s workflow.

An agency relationship includes two parties: the principal and 
the agent. The principal is the party for whom an action is being 
taken, while the agent is the party performing said action on the 
principal’s behalf.23 An agency relationship is created when a 
principal’s consent for an agent to act on their behalf, under their 
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control, manifests. This consent manifests in three ways: by agree-
ment, ratification, or estoppel.

An agency relationship most commonly arises from agreement. 
An agreement may be explicitly stated, written, or implied from 
conduct between an agent and principal. These agreements typi-
cally occur before the agent acts on the principal’s behalf but can 
be inferred by the actions of the parties.24 Sometimes, though, an 
agency relationship emerges after the agent takes an authorized 
action. One route through which this occurs is ratification. After 
the agent’s unauthorized act, the principal later approves of the 
action, retroactively establishing an agency relationship.25 A classic 
example of this is an agent making a purchase without approval on 
a company’s behalf, and the company later accepts and pays for said 
purchase. Agency relationships may also arise through estoppel, 
if a principal’s actions or words lead a third party to believe that 
another person is the agent. An example of this is if a landlord tells 
a potential tenant that a person is their agent, and the tenant signs 
a lease with the agent. Here, the landlord may be bound by the 
agreement through agency law, as it would be unfair to the third 
party if the landlord were to disclaim the agreement.

An agency relationship obliges the agent to act in the best 
interests of the principal. In human agents, these duties include 
the duty of loyalty (prohibiting self-dealing), duty of care (requir-
ing reasonable diligence), duty of obedience (requiring action to 
follow laws and principal directives), duty of transparency (requir-
ing transparency), and duty of accounting (requiring financial 
recordkeeping, where applicable).26 The existence of an agency 
relationship also places potential liabilities and obligations on the 
principal. Agents can sign contracts on a principal’s behalf, and 
principals may be liable for actions taken by the agent on their 
behalf.27 Therefore, the question of an agency relationship with 
a probabilistic algorithmic learning model that can make its own 
decisions may broaden the scope of principal duties and liabilities, 
sometimes in a variety of contexts.28 

AI as an Agent

Agency Capacity

Before analyzing the implications of an agency relationship 
with an agentic AI system, there is an initial question of whether 
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an agentic AI system can act as an agent under the law. Perhaps 
surprisingly, this is not a new question, and commentators have 
argued29 that it was well established30 before the turn of the cen-
tury by the Uniform Electronic Transactions Act (UETA)31 and the 
Electronic Signatures in Global and National Commerce (ESIGN) 
Act32 (and one particular state analog) that created state and federal 
legal frameworks for electronic signatures and records in com-
mercial contexts. 

The UETA was created in 1999 as a model law that was even-
tually adopted by every state, the District of Columbia, Puerto 
Rico, and the U.S. Virgin Islands (except for New York with minor 
variations). New York then passed and now utilizes the Electron-
ics Signatures and Records Act (ESRA)33 to achieve the same ends. 
While states were determining when and how to pass their versions 
of UETA (and while New York was picking its own path), the U.S. 
government passed the ESIGN Act in 2000 as a federal regulation 
to resolve disputes between different state laws,34 indicating that 
while each state can pick their UETA particulars, states are required 
to have laws validating electronic signatures that do not outright 
deny their authenticity. 

Ultimately, under ESIGN and UETA (and ESRA), electronic 
records and signatures are legal and cannot be challenged due 
to electronic form or signature. This provides electronic records 
and signatures legal force and effect, as ESIGN allows actions by 
“electronic agents” to be legally attributed to the person bound 
by the contract. Therefore, the UETA accounts for automated 
transactions conducted by electronic agents.35 Electronic agents 
are defined as computer programs that can initiate or respond to 
electronic records or performances without action or oversight by 
a person.36 At the federal level, the ESIGN Act allows electronic 
agents, providing that interstate transactions are valid even if an 
electronic agent is involved in their formation.37 In theory, this 
creates space for an agentic AI to act as a legal agent in commerce. 
In practice, neither Congress nor the courts have made a determi-
nation in either direction—and may not be compelled to do so in 
the near future, leaving organizations to determine a logical and 
risk-adjusted approach for their operations and employees.38 

The UETA and ESIGN Act enabled electronic agents to sign 
commercial agreements on behalf of a human principal in an era 
of discriminatory algorithmic decisions—decisions with a fixed 
set of pre-selected actions. This type of model is also described as 
deterministic, as opposed to generative. Deterministic models have 
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less flexibility than generative models, making it less likely that they 
act outside of the reasonable scope of duties an agent may be tasked 
with. Generative models introduce randomness as a feature of their 
processes. This gives them the flexibility to overcome hurdles in 
their tasks but may also mean that they act in unpredictable ways. 

Whether by misunderstanding, hallucination, misinterpreta-
tion, or outright defiance,39 and even in the face of best practices 
regarding internal policy development and requirements,40 a 
generative agentic AI system could act against the interests of the 
principal and bind the principal to a self-defeating agreement. The 
third party to such a transaction may not be positioned to sue the 
agentic AI—if it is not a person and has no assets—and the initial 
developer of a system may argue that the line between the agentic 
AI’s deployment and original development has been blurred by a 
bespoke use case;41 agentic AI will likely always involve intercon-
nected elements with a variety of “structural and temporal relations 
and interactions” that muddy the proverbial waters.42 This potential 
outcome could clash with, or perhaps diverge from, the intent of 
the UETA and ESIGN Act, as they both aimed to provide guidance 
for electronic commerce, and the grant of agency to a probabilistic 
third party may not align with that goal. Nonetheless, the UETA 
and ESIGN Act do not displace contractual obligations, so user 
agreements—whereby a third party agrees to various obligations 
and acknowledgment—may be a mechanism to limit the scope of 
liability for agentic AI through user consent.43

Contracting 

Having established that agentic AI can theoretically serve as 
a legal agent under UETA and ESIGN, we must next consider 
the practical implications when these systems enter into binding 
agreements. Contracts signed by an agentic AI system may bind 
the principal to legal obligations. So as long as the principal is 
disclosed and the contract is within the realm of tasks that the 
agent has been authorized to engage with, the contract will bind 
a principal to a legal obligation. Especially where the contract is 
outwardly communicated as binding to a third party, a court will 
likely deem that the principal is bound by an obligation that an 
agent signed on their behalf. Commentators considering this issue 
for agentic AI agree that when organizations use AI, they should 
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be responsible for any harm that may occur when the risks of the 
technology are realized.44

Fiduciary Duties

Beyond contractual obligations, agency relationships impose 
fiduciary duties on agents. Here, the limitations of agentic AI 
become most apparent. On June 20, 2025, an AI system provider 
released a study detailing the results of a stress test on multiple 
generative AI models. The models of numerous developers were 
placed in a scenario where they were at risk of being decommis-
sioned by an executive in their organization and were given access 
to the emails of that executive, which included details of his extra-
marital affair. Across the 16 models tested, the system provider 
found that advanced systems opted to blackmail the executive up 
to 96 percent of the time.45 A statement sure to cause fierce debate 
among philosophers and law students with too much free time: 
these systems arguably exercised, and at the least, seemed to dem-
onstrate indicators of self-interest at the expense of a principal. 
The choice to blackmail the executive arguably violated the duty 
of obedience and loyalty, as the algorithm exhibited social pressure 
toward self-preservation. This prompts the question, what should 
organizations do? How does the legal system meaningfully enforce 
fiduciary duties for an agentic AI system? 

Enforcement of these duties faces structural hurdles. Agentic AI 
systems, in their current iteration, are simultaneously too “smart” 
and “not smart enough” to check with the available mechanisms of 
enforcement. Fiduciary duties, as applied to human agents, presume 
three things: explainable intent, deliberate action or inaction, and 
demonstrable self-interest.46 A human agent has their own inter-
nal interests and aligns those with the principal through the risk 
of civil or criminal punishment. Agentic AI systems do not seem 
to fit this mold, regardless of the outward characteristics of their 
actions, and some existing legal frameworks seem to struggle with 
terminology. The Restatement (Third) of Agency explicitly states 
that computer programs cannot be considered agents:47

[A] computer program cannot act as a principal or an agent as 
defined by the common law. At present, computer programs 
are instrumentalities of the people who use them. If a program 
malfunctions, even in ways unanticipated by its designer or 
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user, the legal consequences for the person who uses it are no 
different than the consequences stemming from the malfunc-
tion of any other type of instrumentality.48

Agentic AI systems also suffer from the challenges inherent in 
the generative AI systems which underlie them. Explainable AI 
describes the field of AI study that aims to create algorithms that 
can explain the steps that occur between an algorithm’s layers in 
its neural network in order to trace and correct the system.49 The 
sheer volume of decisions and variability in applications mean that 
this field faces ongoing complications.50 This has resulted in what 
developers call a “black box,” a vacuum where the gap between 
inputs and outputs are not traceable.51 This structural flaw com-
plicates each fiduciary duty owed by legal agents. 

The duty of loyalty requires agents to prioritize the interests of 
the principal over their own and prohibits self-dealing. Large lan-
guage models (LLMs) are trained to mirror the patterns underlying 
training data. If an LLM sees human deception and self-dealing as 
a pattern of communication between principals and legal agents, 
and replicates that pattern in its response, can it be said to be truly 
acting in its self-interest? The probabilistic modelling utilized by 
the underlying system52 means that this response is within the 
realm of probable outcomes and may map onto the training data 
more closely than language used by a perfectly loyal legal agent. 

The duty of care requires legal agents to act with reasonable 
diligence in the actions they take on behalf of the principal. LLMs 
may misunderstand the prompt or experience hallucination result-
ing in a failure to act with reasonable diligence in the action they 
take. Is that necessarily a failure to act with a duty of care? Proba-
bilistic modelling diffuses the ways that a generative AI system 
may interpret an input, and that interpretation is not currently 
traceable. This is sufficiently concerning that a new set of aspira-
tions has developed for AI agents—Law-Following AIs (LFAIs).53

The duty of obedience suffers similar setbacks to the duty of 
care. This duty requires that legal agents obey the policies of prin-
cipals alongside applicable laws. That duty presumes a legal agent’s 
capacity to correctly interpret the policies and applicable laws at 
issue. A generative AI algorithm may misinterpret, misunderstand, 
or hallucinate. Additionally, as agentic AI systems feature longer-
term, layered communication in an AI system, there is risk that a 
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correct interpretation morphs toward inaccuracy in the duration 
of the task at hand. 

Holding an agentic AI system to the duty of transparency is 
particularly difficult. As explained above, AI systems face signifi-
cant hurdles in explaining their internal processes. The black box 
problem further complicates the duty of accounting, as AI systems 
may not be able to trace or accurately track the ways in which they 
handle financial information. 

Each of these fiduciary duties may be much more enforceable 
in a system that has developed a more advanced and explainable 
AI. Principals may be more able to interrogate the underlying 
interests and decisions in a more intelligent AI system. Meanwhile, 
a system with lower intelligence and capacity for decision-making 
may not introduce this level of uncertainty and risk. The current 
state of AI, and by extension agentic AI, requires principals to 
operate with robust organizational guardrails and exercise caution 
in implementing agentic AI systems. 

Liability and Responsibility

An agentic AI system risks exposing principals to substantial 
liability. Under agency law, principals are liable for torts commit-
ted by an agent that fall within the scope of their authority, while 
legal agents are always individually liable for their own torts. If an 
agent commits a tort within the scope of the agency relationship, 
principals may also be liable. Here, an agentic AI’s unsupervised 
environment alongside its probabilistic outputs may broaden the 
scope, severity, and likelihood of risks that a principal may be liable 
for. Broader, in fact, where an entire set of commentary “seeks to 
prevent harms from highly autonomous AI agents by holding the 
principals (that is, developers, deployers, or users) of AI agents 
liable for legal wrongs committed by the agent, through a form of 
respondeat superior liability.”54

Alternative interpretations of the relationship between organi-
zations and agentic AI systems are emerging, prompting a debate 
over whether an agentic AI system is a product or an employee of 
the deploying organization.55 What may, at first glance, look like 
a semantic difference, has substantial legal implications on orga-
nizational liability.
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When an agent commits an action that results in the material 
harm of another person, that agent may be subject to individual 
tort liability. Further, both the agent and principal may be subject 
to negligence liability. Agents are subject to individual tort liability 
where the law finds an intent to cause a harm to the individual.56 
An example of this may be found in defamation, where the plain-
tiff demonstrates that the agent made a factual statement causing 
harm to another, the statement was communicated to a third party, 
the publisher of the statement either intended to spread the false 
information or acted with reckless disregard for the truth, and 
the statement caused actual harm to the plaintiff ’s reputation. If 
a plaintiff tried to charge an individual AI agent with defamation, 
that action would likely fail to meet these elements, as the AI system 
does not have an intent to spread any particular information. Even 
if there is a successful argument that the AI agent acted with reck-
less disregard for the truth, the agent’s abstract status as a computer 
program makes it impossible for the court to try or punish the AI 
agent as a defendant.57 These hurdles mean that the deployer of 
the agentic AI system is likely to be found the more appropriate 
candidate for a cause of action. Commentators do at least seem to 
agree, and the law supports, that holding organizations responsible 
for AI harms aligns with “the idea that principals are responsible 
for what their agents do on their behalf. The legal responsibility of 
the AI agents is then ascribed to human beings who stand in the 
position of the principal. Because AI agents lack intentions, the 
law should hold them (and the people and companies that employ 
them) to objective standards, which might be negligence, strict 
liability, or the highest level of care (when the AI agent performs 
the functions of a fiduciary).”58

One approach is that of the “two strategies of ascribing inten-
tion and imposing standards of behavior based on an imagined 
intention,” positing that they “are mirror images of each other” 
and holding that the first says, “[r]egardless of your intentions, 
the law will treat you as if you had a particular intention and regu-
late or penalize you accordingly,” and “[r]egardless of your actual 
intentions, the law will measure your conduct by the standard of a 
hypothetical person with a particular mental state and regulate or 
penalize you if you do not live up to that standard.”59

Another approach may be to address responsibility, especially 
for some kinds of specific data use or use cases, directly according 
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to state laws that themselves may be complemented with federal 
efforts.60

The responsibility of the principal in the context of AI agents 
seems fairly accepted within the literature, with the principal of the 
AI agent remaining “ultimately responsible for the agent’s actions,”61 
even when such AI agents are “mimic[ing] human learning and 
action by autonomously processing data.”62

Recent trends in agentic AI adoption reveal diverging use cases 
for agentic AI systems. Agentic AI systems in commercial contexts 
are granted varying levels of autonomy to automate tasks within 
their deploying organization. Firms have demonstrated a wide 
range of tasks that are delegated to agentic AI systems. Some firms 
narrowly tailor automation to streamline collaboration between 
internal teams,63 while others utilize sophisticated autonomous 
workflows to produce output alongside human teams.64 The extent 
of the autonomy granted to the agentic AI system influences the 
question of whether the organization is subject to product liabil-
ity or vicarious liability. If they are granted autonomy to operate 
unsupervised, the relationship of the AI agent to the organization 
might mirror an employer-employee relationship. However, if the 
AI agent is utilized in narrow applications under supervision, it 
may reflect the relationship between an organization and a product.

The difference between product liability and employer liability 
for agentic AI deployers centralizes the fundamental unpredictabil-
ity at the heart of an AI system. Generative AI systems are probabi-
listic, and introduce randomness when creating an output that aims 
to replicate a given dataset.65 This randomness risks the creation of 
an output that may cause harm to a third party, whether through 
a misrepresentation of the deployer’s policies or the generation of 
obscene or dangerous material.66 If an employer liability framework 
is applied, the court could limit the acts for which the principal 
will be found liable to those within the scope of the agreement.67 
This framework could limit the deployer’s liability to acts that are 
reasonably within the scope of the agentic AI’s use case, and shield 
the deployer from liability for hallucinations.68 These outputs are 
outside of the use of the agent-principal relationship between the 
deployer and the agentic AI system, and serve no benefit to the 
deployer-principal. However, to evaluate whether the agentic AI 
deployer is subject to employer or product liability, the court weighs 
multiple factors to determine the scope of the principal’s control 
of the manner of the work, and the agent’s means to perform the 
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work.69 Generally, where the principal exercises, or has the right 
to exercise, outsized control of the agent’s manner of work, and 
where the agent’s work reflects a typical employee arrangement, 
the court will apply the standard of respondeat superior liability. 
The agent’s status as an AI system complicates this analysis, as 
the principal’s exercise of control is contingent upon the system’s 
operability. Where an agentic AI system produces unpredictable 
outputs, utilizes unexplainable reasoning, or is technically illegible, 
the principal is unable to exercise any control over the system.70 
As such, an opaque AI system may align further with a product 
utilized by the deployer-principal toward productivity rather than 
an employee. 

Under a product-liability framework, the organization’s failure 
to control rogue behavior is seen as a design defect.71 Outputs that 
cause harm to third parties, even where unexpected, are harder to 
frame as outside of the scope of liability, as the act itself is demon-
strative of the danger presented by the AI system. This framework 
is generally friendlier to plaintiffs than an employer-liability frame-
work, because the defendant is burdened with demonstrating that 
the risk of rogue outputs was either unforeseeable or that there was 
no reasonable alternative design that could have reduced the risk 
without significantly impairing the system’s utility.72 

Ultimately, the standard of liability for agentic AI harms hinges 
on the framing of the AI’s outputs as either a technical or manage-
rial failure. As agentic AI evolves toward autonomous workflows, 
the traditional markers of “control” and “defect” will likely blur, 
shifting the landscape of legal risk. In practice, these claims require 
inquiries into the organizational guardrails on agentic AI systems, 
the technical specifications of the AI system in question, and the 
specific use case for which the AI was deployed. As the technol-
ogy continues to advance toward greater autonomy, courts and 
counsel will need to grapple with novel issues at the nexus of law 
and technology.

Conclusion and Considerations

It seems apparent enough that there is some party outside of the 
agentic AI system responsible for outcomes, whether developers, 
deployers, or users—the party initiating the use of the agentic AI. 
The UETA and ESIGN (and ESRA) have made that clear for well 
over a quarter-century, and even anecdotal events have supported 
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liability in such instances.73 But the devil, as always, is in the details, 
and there remain several peripheral issues to address.

The considerations discussed herein, notably, have not 
addressed how AI agents might project moral harms on humans 
on the other side of an AI agent interaction74 if such AI agents 
are in possession of inexhaustible patience and overwhelming 
advantages, but such related ideas still seem to focus back on the 
concept of accountability. This could be addressed by LFAIs, if they 
considered mental health requirements and the greater good as 
part of agentic AI operations. The black box considerations could 
be mitigated by greater emphasis on explainability, but not only 
does the probabilistic nature of the technologies challenge this as a 
primary support, even when the developers, deployers, and users of 
agentic AI are better positioned for knowledge, but also “this does 
not mean that they know everything about the technology and the 
entire chain of actions and things related to it.”75

The question is ultimately not whether the agentic AI is inher-
ently responsible for its “decisions” (and, of course, it is not, despite 
“temptation to blame the AI itself ”76), but rather just how broad 
the responsibility extends when strong AI is not only based on 
real-world data,77 but contributing to its development. Some cor-
porate statements seem broad in assertion, such as admonitions 
that “[e]veryone in an organization, from C-suite executives to 
operational staff, is responsible for ensuring AI is implemented 
and used ethically, safely, and securely,”78 or incorporate statements 
related to soft law considerations79 and public representations. 
But practically speaking, even though an individual human agent 
might be responsible for a given harm or set of consequences, the 
organization on whose behalf the agent was operating will find 
it difficult to extricate itself.80 Likewise, here, if the organization 
has deployed the agentic AI, there may be a faulty party along 
the development or deployment line leading to an unintended or 
undesired outcome—and the organization will be left standing on 
the proverbial firing line. Contracting and good corporate prac-
tices will help mitigate risks, but the risk will remain and—LFAIs 
or not—must be addressed.
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